4l ojles YYY-YRY) Slrio VFF s 5 505l ¥ ojlods o8 alo st iy JUSs i3l

sy e goi

9 e
.

ol pod &y Guos (5 SOl (S hg, jl oolaswl b Jludl o5 > (ausis
AU L bl

)Ll«)b.m‘ ‘\‘t5;t;‘“’5)"" tS;l:’ﬁ) l..b) u.\..':':)‘ ‘S.wL..uJ)lS “G’.ljlj Lg,d.‘o.a L.u.e(c

mozafari.96ma@gmail.com - )|, - 55 14l — 5,5 0l oRiils - swdige g (8 0aSiily - Jl38la 5 SgalS cwdige 09,5 )
rrohani@sku.ac.ir - ¢l = 5,5 50l — 5,5 10l ol = cwdige g (8 0aSiils = J138la 5 gaalS cwaige 09,5 -

ol (hod e (Slindod (ae) So 4 bl b o5 Sldl QI > CSlS ogran (90 G938y ST g ke Cdyd bionSy
ol Gt b arso s sl et 5 8 DS Olull alsr 5 Of Lulpd wead plil 05 (Suuzm S 4 05 pais ool
345 3980 03l SS90 Sl ol (K5 sy 5 O (Sl Sl sk 5 LIS osloggs 99 51 kS > aled sl adlioe 5y%5,
gl b ceal ool oy YU C33 L Goae 6250k (g Slahy, 5l osliinl b S80S (90 2 odle o Sl Sloaises allis ()l
2 05 g0 ool lag)T 51 a8 5 b 8o (antd (orae loaSied 5 Sl L) o, slagiy, SoS @ oslogsi s 5l IS0 sla S
S mSo e Bun 4 (iagh ol pas al> o o il e Ll S ol Dgliie ¢ els Sledbl sasl)l 4y 0B Ll deeslogs ol 5SS
20,8 oo oolaiwl gldl &8 > slulbd 5l BGLPCCA ¢ MFA & )las b 3.0l wwl)IS7 (g, 90 5l e JLS ;0 oologgs 90 0 slo S
PV como ke oS (1 5530 o g cosloologgi cuaiz 5 ealogsi Su L oS > anti gl szl ol Ghesh solin U3,

by oo (Gl DI > (st dis

Bt (6550l ((Shg 5280 Ths gl ] () pus o CdSl guman [lisle (Gl G5 > askis (oS slaoily

Human Action Recognition using Deep Learning and
Supervised Data Fusion Approach

Mahsa Mozafari Vanani, Master of Science', Reza Rohani Sarvestani, Assistant?
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Abstract: With the advancement of science and the increasing expansion of artificial intelligence, the recognition of human actions by
computers has become an important research field. Action recognition faces numerous challenges due to the complexity of the actions,
unstable weather conditions, varying light intensity, and changes in camera viewing angles. To display action, two types of useful data
are used: skeletal body structure and color video obtained from Kinect cameras. In this article, body skeletal coordinates are generated
with high accuracy using advanced deep learning methods in addition to Kinect cameras. By extracting influential features from each
type of data using modern mathematical methods and neural networks, action recognition is performed with each of them. Each type
of data alone is capable of providing specific and different information about human action. In the second stage of this research,
efficient combination methods with MFA and BGLPCCA supervision are used to utilize the features of both types of data together for
human action identification. The proposed method in this research provides a framework for detecting action with single and multiple
types of data, and its superiority lies in achieving high accuracy in human action recognition.

Keywords: Human Action Recognition, Skeleton Body Structure, RGB-Videos, Feature Extraction, Feature Fusion, Deep Learning.
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