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Breast Tumor Detection using Convolutional Neural Network
in MRI Images

A. Arjmand?, MSc Student; S. Meshgini?, Assistant Professor; R. Afrouzian®, Assistant Professor

1- Faculty of Electrical and Computer Engineering, University of Tabriz, Tabriz, Iran, Email: amir.arjmand96@ms.tabrizu.ac.ir
2- Faculty of Electrical and Computer Engineering, University of Tabriz, Tabriz, Iran, Email: meshgini@tabrizu.ac.ir
3- Miyaneh Technical College, University of Tabriz, Miyaneh, Iran, Email: afrouzian@tabrizu.ac.ir

Abstract: Breast cancer is the most common type of cancer that affects the female population. Early detection of cancer can increase
the chance of treatment and is also the most effective way to fight the disease. The development of automated methods for the
detection of cancer or tumor mass has been of interest to researchers. In this paper, a method based on deep convolutional neural
networks for detecting tumor area from MRI images is introduced. The proposed method is to collect MRI images along with GT
images from their tumor area and expand the data to train and test the neural network. The type of learning method used in this paper
is supervised learning. The algorithm is tested on the RIDER breast dataset and the results show that the proposed method performs
better than other image detection methods such as clustering methods. Benefits include high quality in tumor detection and
acceptable speed at runtime.

Keywords: Tumor detection, Deep Learning, Convolutional Neural Networks (CNN), Breast Cancer.
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